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For reprints contact: reprints@medknow.com rarely severe. However, the most adverse side-effect of frequent use of ERY have been linked to the instances of hepatotoxicity manifested as disturbances in liver function and jaundice. [4, 5] ERY-induced hepatotoxicity likely arises from a combination of intrinsic hepatotoxic effects and the hypersensitivity reactions that characterize most cases with evidence of hepatocellular injury and cholestatic pattern of injury. [6, 7] Such events of hepato-toxicity have been shown to cause significant metabolic perturbations in the sera of affected individuals. However, the serum metabolic patterns of ERY-induced liver toxicity have not been explored so far. To the best of our knowledge, this is the first study aiming to investigate the serum metabolic patterns specific to ERY-induced liver toxicity and to further improve the understanding of underlying mechanism.
Metabolomics allows rapid identification of metabolic perturbations in biological systems and is routinely used to evaluate systemic responses from minimal amounts of biological material, [8] to any subtle pathophysiological stimuli or stress. [9] Over the years, it has increasingly been recognized as a valuable complementary approach to genomics, transcriptomics, and proteomics to achieve a complete understanding of the disease mechanism. [10] It also provides opportunities for developing diagnostic/prognostic biomarkers related to the disease and certain pathophysiological condition. [11, 12] Practically, metabolomics approaches relies on multivariate statistical analysis of data collected with advanced analytical techniques-such as gas chromatography-mass spectrometry (GC-MS), liquid chromatography-mass spectrometry (LC-MS), and nuclear magnetic resonance (NMR) spectroscopy. Of them, NMR combined with multivariate analysis is an ideal platform and it has extensively been used in several metabolomic studies. [13, 14] In comparison to any other analytical and biochemical method, NMR possesses various advantages. First, it is rapid, quantitative and offers the potential for high-throughput (analysis of >100 samples a day is attainable). Second, it requires virtually no sample preparation and can be used for studying variety of biological/clinical samples, tissue extracts, and even cell lines. [15] Third, it is nondestructive, noninvasive, and nonselective, i.e., multiple metabolites are detectable in as little as 500 μl of blood plasma/serum (which can be obtained from 1.0 ml of peripheral blood). And last but not the least, it provides highly reproducible results. These technical advantages derived our interest to use NMR for identifying the serum metabolic patterns of ERY induced hepatotoxicity in rat models. 
Methodology

Chemicals
Animals
Fourteen male Albino Wistar rats weighing 180-220 g were used for the experiment and the prior protocol approval was taken from the Institutional Animal Ethical Committee (Approval No. SDCOP and VS/AH/CPCSE01/017/R3). Animals were acclimatized to the new environment for 10 days before experiment at a temperature of 25°C±5°C and a humidity of 55%±5% with a 12-h light/dark cycle. The animals had free access to water and food throughout the study. All animal procedures were approved by the Institute's Ethics Committee, and performed strictly in accordance with the Guidelines for Animal Experimentation CPCSE.
Experimental protocol
The rats were randomly divided into 2 groups: ERY group (n = 7) and control group (n = 7). For ERY group, ERY (dissolved in 0.25% carboxymethyl cellulose abbreviated as CMC) was administered orally (50 mg/kg dose daily for 28 days). [16] Control group was orally given equal volume of physiological saline containing 0.25% CMC on the same day as ERY group did.
Sample collection
The blood samples were collected from femoral artery after 28 days of intervention, and kept at 37°C for 30 min and then centrifuged at 500 g, 4°C, for 15 min, the pale yellow supernatants (serum samples) were collected in centrifuge tubes and stored at −80ºC prior to use. Animals were sacrificed by cervical decapitation and liver were dissected out and rinsed with ice cold saline and stored at −20°C for further studies.
Histopathological studies
Histopathological studies were performed to find out the morphological changes of liver cells after ERY administration. Liver tissues from each group were assessed for their morphological changes using hematoxylin and eosin staining. The tissues were preserved in 10% formalin overnight. Next day, the cells were again superseded by 70% isopropanol for overnight. Later, the tissues were exposed to isopropanol at various concentrations (70, 90, and 100%) and dehydrated by 100% xylene. The tissue samples were then embedded in bees wax and 5 μm sections were prepared by using microtome. Then, the tissues were succeeded by hematoxylin and eosin staining and observed under microscope (×40).
Scanning electron microscopy
The liver tissue samples were collected (2-4 mm) and fixed in 2.5% glutaraldehyde for 2-6 h at 4°C for primary fixation. Then, the samples were washed in 0.1 M phosphate buffer for 3 times each of 15 min at 4°C. After that, 1% osmium tetroxide was used as a post fixation for 2 h at 4°C. Again, the samples were washed in 0.1 M phosphate buffer for 3 times at 15 min interval and kept at 4°C. Later, these samples were dehydrated with acetone at various concentrations (30, 50, 70, 90, 95, and 100%) . After that, all specimens were dried by air drying and critical point drying (31.5°C at 1100 psi). Finally, samples were mounted on to the aluminum stubs with adhesive tape and observed for the morphological changes using scanning electron microscope (JEOL JSM-6490 LV).
Sample preparation for nuclear magnetic resonance measurements
The NMR samples were prepared as described previously. [17] However, briefly, the serum samples were thawed at room temperature prior to use. A total of 300 μL serum of each sample was diluted with 300 μL of phosphate buffer of 20 mM strength with 0.9% saline, containing D 2 O for the purpose of field lock, and TSP (0.01%) as a chemical shift reference. The whole mixture was centrifuged (10,000-RPM, at 4°C, for 5 min) to remove the precipitates. The supernatants of 500 μL were transferred into 5 mm NMR tubes for 1 H-NMR analysis.
Nuclear magnetic resonance (NMR) measurement
All NMR spectra were recorded at 298 K on Bruker Biospin Avance-III 800 MHz NMR spectrometer operating at proton frequency of 800.21 MHz, equipped with CryoProbe and an actively shielded gradient unit with a maximum gradient strength output of 53 g/cm. The raw NMR data were processed in Topspin-v2.1 (Bruker BioSpin GmbH, Silberstreifen 4 76287 Rheinstetten, Germany). For each serum sample, two types of one-dimensional (1D) 1 H NMR spectra were recorded using the standard Bruker's pulse program library: (a) transverse relaxation-edited Carr-Purcell-Meiboom-Gill (CPMG) spectra [15] and (b) diffusion-edited bipolar pulse pair longitudinal eddy current delay spectra. [19] [20] [21] All recorded spectra were visually inspected for acceptability and subjected to multivariate statistical analysis to identify the altered metabolic patterns.
Spectral assignment
For the assignment of various peaks in the 1D 1 H CPMG and diffusion-edited NMR spectra. Chemical shifts were identified and assigned as far as possible, by comparing them with the chemical shifts available with the software Chenomx 8.1 (Chenomx Inc., Edmonton, Canada). The remaining peaks in the CPMG 1 H NMR spectra were assigned using previously reported NMR assignments of metabolites, data obtained from database Biological Magnetic Resonance Data Bank, and the human metabolome database (HMDB) [19] [20] [21] for diffusion-edited 1 H NMR spectra assignment was done using previously reported assignments of metabolites in literature. [22] [23] [24] Data reduction NMR spectra were manually phased and baseline corrected using NMR data Processing Software Topspin v2.1 (Bruker Biospin). The CPMG spectral region d 8.5-0.5 ppm was binned and automatically integrated using AMIX package (Version 3.8. .1-4.6) ppm distorted due to water was excluded and the selected region was further reduced to spectral bins of d(0.05) ppm. Subsequently, the spectral bins were exported to Microsoft office 2010. The resultant CPMG and diffusion-edited, data sets were finally used for univariate and multivariate analysis in statistical analysis module of MetaboAnalyst, [25] which is an open access web-based tool for the analysis of metabolomics data. All the statistical analyses were carried out on the binned data for metabolites identification and metabolic profiling.
Statistical analysis
The spectral data were converted to comma-separated values (CSV) format using Microsoft excel format and imported into MetaboAnalyst 3.0 for multivariate analysis in which all spectral data were Pareto scaled. [26] Initially, principal component analysis (PCA) was applied to identify the clustering patterns and outliers (two were found in CPMG data set and one was found in the DE data set). Partial least-squares-discrimination analysis (PLS-DA) was used for pattern recognition analysis and isolating significant metabolites based on their PLS-DA; variable influence on projection (VIP); and coefficient scores. The PLS-DA model was validated by 10-fold cross validation method by describing R 2 and Q 2 values. A value of P < 0.05 was considered to indicate a statistically significant difference.
Results
Multivariate analysis
The binned data derived from CPMG and diffusion-edited experiments were subjected to multivariate statistical analysis in MetaboAnalyst [25] (a freely available, user-friendly, web-based analytical platform for high-throughput metabolomics studies from the University of Alberta, Canada). [26] All the spectral data were subjected to Pareto scaling prior to multivariate analysis. The resulting scaled datasets were analyzed in an unsupervised and supervised manner, such as PCA and PLS-DA, respectively. PCA was used to observe inherent clustering and to identify the possible outliers (See Supplementary Figure 1) . PLS-DA was applied to obtain an overview of the complete data set and discriminate the variables that are responsible for variation between the groups to identify features with discriminative power Figure 1 . The quality and reliability of the PLS-DA models were validated based on R 2 and Q 2 values derived using 10-fold cross validation algorithm. The R2 and Q2 values enclosed in the Figure 1 alluded that the PLS-DA models possessed satisfactory fit with good predictive power. These results indicate that the established PLS-DA model is reliable and good at classifying and discriminating between controls and the ERY treated group. The differential metabolites were selected based on the statistically significant threshold of VIP values obtained from the PLS-DA model was larger than or equal to 1.0 (≥) and PLS-DA coefficients score (i.e., >30% in the present study). The coefficient importance is based on the weighted sum of PLS-regression scores; whereas the VIP score represents a weighted sum of squares of the PLS loadings and takes into account the amount of explained Y-variation in each dimension to measure the impact of each metabolite in the model. The VIP criterion indirectly imitates the correlation of the metabolites with disease and is an extensively used method for biomarker selection. The area under the receiver-operating characteristic curves (AUROC) was carried to evaluate the effectiveness of potential biomarkers that significantly contributed to the discrimination of ERY treated rats from controls. ROC curves are generated by Monte-Carlo cross validation using balanced subsampling. PLS-DA algorithm was selected as classification and feature ranking method. The AUROC gives of discriminatory ability (0.5 = no discrimination; 1 = perfect discrimination). The largest and smallest resulting AUC values range from 0.97-0.71, which indicated that these biomarkers may potentially be involved in the disease mechanisms. Figure 2 shows example ROC plots of three metabolites with AUROC values more than 0.9. The boxplot representation was used to visualize the variation in the levels of significantly altered metabolites identified in the multivariate analysis [ Figure 2 ]. For generating the box plots, univariate analysis was performed by applying an independent samples t-test on significantly altered metabolites using their normalized and scaled values Supplementary Figure 2 . A P-value less than 0.05 (P < 0.05) was considered to indicate a statistically significant difference.
Significant metabolic perturbations responsible for class separation were assigned and are enlisted in Table 1 along with their VIP, coefficient scores, AUROC, and P values. Twenty metabolites were selected as key metabolites for the classification of ERY group, mainly characterized (a) by the increased levels of glucose, dimethylamine, malonate, choline, and phospholipids and (b) by the decreased levels of isoleucine, leucine, valine alanine, glutamate, citrate, glycerol, lactate, threonine, high density lipoprotein (HDL), low density lipoprotein (LDL), very LDL (VLDL), N-acetyl glycoproteins (NAGs), and poly-unsaturated lipids (PUFAs). The dataset of selected differential metabolites was imported into MetaboAnalyst 3.0 for heat map [ Figure 3 ] generation and pathway analysis [ Figure 4 ].
Pathway analysis
The affected metabolic pathways were depicted using combinations of metabolite entities altered significantly in ERY group (identified through PLS-DA analysis). For this we used the metabolic pathways analysis module in MetaboAnalyst. [26, 27] This web-based tool enables the identification of altered metabolic pathways from its extensive HMDB-derived collection pathways and metabolite libraries to annotate pathways and deduce a meaningful metabolic pattern to distinguish the affected metabolic pathways. The lipid and membrane metabolites such as LDL, VLDL, HDL, NAG, and glycerol were not recognized by the program; thus were not included in this analysis. The final list of altered metabolites that were significantly influenced by drug treatment, were uploaded and analyzed by metabolite set enrichment analysis overview) and over-representation analysis (ORA) in MetaboAnalyst. The built-in rat (Rattus norvegicus) pathway library for pathway analysis and hypergeometric test for ORA and the out-degree centrality algorithms were employed for pathway enrichment analysis and pathway topology analysis. One-tailed P values are provided after adjusting for multiple testing. The output of this program will mark a metabolic pathway as significant if significantly more compounds involved in that pathway are present in the input list than would be expected by random chance. Results are presented graphically in Figure 4 .
Characteristics of erythromycin induced toxicity
According to Figure 5 , we observed kupffer (K) cells with normal architecture of nucleus. In ERY treated samples, there was the presence of degenerated nucleus in kupffer cells (K) and also ruptured kupffer cells (RC). Scanning electron microscopy (SEM) analysis revealed that there is a presence of lesions in ERY groups than normal control. The pathway analysis showing metabolic pathways altered during ERY induced hepatotoxicity. The pathways were identified based on over-representation analysis using significantly altered metabolites enlisted in Table 1 except lipid metabolites (VLDL, LDL, HDL, phospholipids, PUFAs) and glycoproteins
Discussion
The liver plays a cardinal role in metabolic homeostasis with major regulatory roles in the metabolism of carbohydrates, fats, and proteins. Serum metabolic profiles of ERY compared with respect to control showed significant differences with (a) increased levels of glucose, glutamine, choline, phospholipids, dimethylamine, and malonate and (b) decreased levels of citrate, lactate, glycerol, lipids, poly unsaturated fatty acids (PUFA) and amino acids like alanine, glutamate, threonine, isoleucine, leucine, and valine. These serum metabolic changes and pathway analysis revealed perturbations in energy metabolism, amino acid metabolism, and lipid metabolism. The implications of these metabolic changes in the ERY induced liver toxicity have been discussed in detail below.
Glucose-energy and amino-acid metabolism
General comparison between ERY and controls showed a significant increase of glucose accompanied by a decrease in lactate and citrate, suggesting disturbed glucose metabolism with dampened aerobic glycolytic activity. [28] Further, the increased serum levels glucose (i.e. hyperglycemia) may produce conditions like oxidative-stress. [28] [29] Citrate is an intermediate in the tricarboxylic acid (TCA) cycle and is involved in energy metabolism; its decrease in ERY group indicates the demand and rapid utilization of metabolites that feed energy producing pathways. The decrease of these metabolites correlates with disturbed energy metabolism, especially the suppression of oxidative phosphorylation and thus to meet the energy demands, the energy metabolism shifts from aerobic to anaerobic state. However, the process being less efficient cannot keep up with the production and utilization of adenosine triphosphate (ATP), the intracellular concentration of ATP drops with the depletion of cytosolic glucose. As a result, the alternative energy substrates like amino acids are oxidized to meet the energy demand. The decreased serum levels of AAs might be closely related to this phenomenon in addition to repair the physiological damage (including, protein degradation in the presence of oxidative stress). [30] Particularly, the branched chain AAs (BCAAs) are catabolized to replenish the depleted levels of TCA cycle intermediates or as acetyl derivatives to generate energy during stress suggesting dampened glycolysis alongside breakdown and release of AAs from muscle proteins [34] and liver. [35, 36] Recent studies have shown clinical application of BCAAs to treat patients with liver diseases with conclusive effects, and a decreased level of BCAAs in diagnosis of liver dysfunction. [37] The significantly increased glucose in serum might be due to increased rate of gluconeogenesis from alanine and lactate (both found to be decreased in ERY sera). On the other hand, the serum levels of dimethylamine (DMA) was found to elevated in ERY rats which might be related to the differences in the composition of the intestinal microflora. [33] Overall, the observed metabolic changes provided several indications of disturbed energy metabolism and compromised ability of affected liver to maintain metabolic homeostasis owing to ERY-induced damage to liver cells as evaluated here based on inflammation and hepatocellular degeneration along with tissue necrosis [ Figure 5 ].
Lipid and membrane metabolites
Lipids are the fundamental ingredients of biological membranes. [38] Lipid metabolism involves the degradation of fatty acids, however, they may also serve as primary energy source under conditions of oxidative stress. [39, 40] In our NMR study, the lipid metabolites (LDL, VLDL, HDL, PUFA, and glycerol) were found to be significantly decreased in the sera of ERY rats compared to control rats indicating their augmented utilization to produce membrane metabolites for repairing the damaged cell membranes in addition to their enhanced fatty acid oxidation to maintain energy homeostasis. Hypolipidemia is common clinical manifestation of chronic liver disease and previous studies have also shown its correlation with hepatitis C infection and a number of other malignancies associated with the live disease. [43] A number of previous studies have reported the association of abnormal lipid metabolism with the activation of oxidative and inflammatory pathways in liver disease. [41, 42] Contrary to this, the membrane metabolites choline and phospholipids were found to be elevated in the sera of ERY treated rats compared to control rats indicating a kind of self-repair mechanism activated in ERY rats to renovate the cell membranes damaged by reactive oxygen/nitrogen species under conditions of ERY induced hepatocellular degeneration caused by lipid peroxidation and oxidative-stress. [44, 45] The most prominent and consistent change observed in the diffusion-edited NMR spectra was the decreased signals of N-acetyl containing glycoproteins (NAGs), mainly N-acetylglucosamine and N-acetylneuramic acid. Physiologically, NAGs are acute phase proteins with anti-inflammatory properties and are expressed more during inflammation and immune responses. [46] The primary site for the synthesis of glycoproteins is liver, [47, 48] where it occurs in a multi-step fashion in the lumen of the endoplasmic reticulum and Golgi apparatus. The decreased levels of NAG have been reported in liver cirrhotic patient and hepatocellular carcinoma patients. [48, 49] Consistent with these reports, the decreased levels of NAGs in ERY rats might be related to liver dysfunction. As liver cells are involved in many pathways of lipid and membrane metabolism, therefore, the decreased levels of lipid metabolites (HDL, LDL, and VLDL) and increased serum levels of membrane metabolites (choline, phosphocholine and phospholipids) in the sera of ERY rats are clear manifestations of ERY induced liver toxicity.
Conclusion
The current study reports the NMR-based serum metabolic patterns associated with ERY induced liver toxicity. As NMR based metabolic profiling is relatively simple and rapid, therefore, the resulted NMR based serum metabolic patterns will form the basis for future pre-clinical studies aiming to evaluate the hepatotoxicity of new drug regimens or as a primary screening tool to evaluate the therapeutic efficacy of anti-hepatotoxic agents/formulations. 
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